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Decoding

-EGNet (Convolutional Neural Network-based)
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Time-resolved (Logistic Regression)
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Decoding accuracies
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Decoding accuracies

A EEGNet B Time-resolved
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Decoding accuracies

A EEGNet B Time-resolved
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Which steps enhance decoding accuracy”?

main effects - EEGNet
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Which steps enhance decoding accuracy”?

main effects - Time-resolved decoding
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